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Review of Optimization Scheduling for Integrated Energy Systems with Data
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Networked System Research Center, Department of Automation, Tsinghua University, Beijing 100084, China)

Abstract: To achieve energy efficiency and emissions reduction in data centers, integrating data centers into integrated energy

systems for collaborative optimization is an effective approach to achieve this goal. Firstly, the principles of a hybrid data-model

driven strategy are explained, then the applications of model-driven and data-driven approaches in integrated energy systems is

reviewed separately. Secondly, the load forecasting model of the data center and the current status of the application of a hybrid data-

model driven method in integrated energy systems with data centers are introduced in detail. On this Basis, a framework for schedul-

ing strategies in integrated energy systems with data centers utilizing a data-model hybrid drive is proposed. Finally, the current

research issues are discussed, and an outlook on future development directions is provided, providing a reference for researchers in

this field.
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Fig. 1 Structure of hybrid model-data driven operation
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Tab.2 Data center cooling system energy consumption modeling
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Tab.3 Input features of data center in neural network
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